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Multiple classifiers are effective method to increase the efficiency of pattern recognition systems using
the combination of different classifiers results. These methods has attracted researchers attention. The
success of a multiple classifier depond on the independent and complementany performance of its
individual classification, as well as the technique applied to combines their results. In this paper a new
method for combining the output of classifier is proposed. In this method, the combinition of results are
performed via uncertainty analysis of them where entropy is applied as the uncertainty measure. For
different classifiers including Maximum Likelihood, Support Vector Machins, Neural Network and
Random Forest wre used as the indiviued classifiers and all possible combination of them were used as
the inpute classifiers to the proposed multiple classification system. The results were obtained on an
IKONOS image from the semi-urban area. The obtained results proved that in most cases the accuracy is
improved. The best results was obtained from the combination of 77.95%, 80.01%, 79.70% and 80.56%
with 82.89% overall accuracy. This accuracy was suparior to all the individual classifiers. Finally, The
proposed combined method by conventional majority vote method whit accuracy of 81.92 percent the
were compared. Compare the accuracy proposed method representative the superiority of this method is
compared to majority vote.

Keywords: uncertainy analysis, Maximum likelihood, Support vector machines, Neural networks and
Random forest.
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